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(b) Aesthetics scores vs. preference responses

Fig. 12: In b) the aesthetics scoreW =  sh  to is measured by computing the sharpness sh using the cpbd
metric [28] and the tone metric  to , de�ned in [1]. The di�erence �W between global and semantic scores is used for
relative comparison. The zero-centered aesthetic preference proportion is computed asP = 0:5 � Q2 global

Q2 global +Q2 semantic
.
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identi�ed challenges, e. g., to start with a non-stylized
content image. Another way to present the concept of
sub-styles to users would be to create two di�erent apps,
one for the de�nition of (sub-)styles and one for the
application to a content image. We introduce a mask-
based training loss for feed-forward style transfer net-
works to map sub-styles to semantic image regions. A
survey comparing global and semantically trained net-
works shows that learned semantic mappings signi�-
cantly improve the semantic plausibility of the transfer,
but also show that the stylization's aesthetics mostly
depend on photographic qualities such as sharpness and
contrast and less on semantic correspondences.
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Döllner, J., Pasewaldt, S.: Interactive Image Filtering
with Multiple Levels-of-control on Mobile Devices. In:
Proc. MGIA (2016)

36. Semmo, A., Isenberg, T., Döllner, J.: Neural Style Trans-
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