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Problem: Heterogeneous data

e Continuous
o Gene expression, DNA methylation

e Discrete

o Binary
m Somatic mutations
o Counts

m  RNA-seq gene expressions
o Categorical
m Copy number states (gain, normal, loss)

Hierarchical or k-means clustering x
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Progress

iIClusterBayes provided good examples, but focuses on genomics & cancer

RNAseq

Data preparation of the different data types

Proteins Genome

Additional task

Compare cluster using different subsets of the data
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